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Abstract We consider a model composed of nonlinear perceptrons and analytically investigate the generalization
performance of learning using correlated examples in the framework of on-line learning with statistical mechanical
method. In Hebbian and AdaTron learning, the larger the correlation is, the slower the learning speed is. There
are the lower limits in the generalization error when the number of examples used in an update increases. On the
contrary, in Perceptron learning, the learning speed does not depend on the correlation. There are not the lower
limits in the generalization error.
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